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Ultinous – What do we do

QUEUE MANAGEMENT WITH ANONYMIZATION

FACE RECOGNITION AND MATCHING FOR ENTRANCE 
SYSTEMS

Technology: AI-based predictive video analytics

Key solutions: Human centered:People detection, face 
recognition, age&gender detection,  tracking, headpose, 
movement and body parts detection

What we do: Analyze multiple camera streams to generate 
actionable insights that increase operational efficiency or 
track customer behavior - in real time

Head/Face/Body 
detection

Face recognition and 
verification

Real-time 
anonymisation

Age and gender 
estimation

Person re-
identification Tracking

http://www.youtube.com/watch?v=O_QIVFTkGqk


C
o
p
y
ri
g

h
t 

U
lt
in

o
u
s
 P

lc
. 
A

ll 
ri
g

h
ts

 r
e
s
e
rv

e
d
. 

Mass head detection in challenging environment

Feature I: Head/Face/Body detection
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Face detection in non-collaborative environment   

Feature II: Head/Face/Body detection, staff exclusion
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GDPR compliance: Blurring faces real time

Feature III : Real-time anonymisation
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Face recognition on a mass scale, real time

Feature V : Face recognition
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Demographic distribution on mass scale 

Feature VI: Age and gender recognition
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Re-identification of individuals 

Feature VII: Re-identification by matching entry/exit of individual based on face 
and upper body
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Monitoring customer behavior

Feature VIII: Tracking and line-crossing in area of interest
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Insight on people’s interest

Feature IX: Head pose detection  
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Movement and body parts analytics I
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Movement and body parts analytics II
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Technology developments that underline exponential 
growth in AI-powered video analytics

GPU price-performance acceleration IP cameras to spread fueled by cost decline

EDGE processing for min.latency, high reliability Compression performance saves bandwidth

U.S. IP camera market size, by commercial application (M USD)
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Value proposition: what differentiates from competitors

• Modular, a-la-carte service portfolio – flexible and easy-to-scale

• Full scale solution through video analytics – low complexity, no integration 
with other platforms (e.g. RfID, wi-fi) required, but available through APIs

• Use the existing CCTV video camera infrastructure – no upfront 
investments, no proprietary hardware

• Cloud based or locally installed server (on-premise)

• State-of-the-art technology: top accuracy and speed in non-collaborative 
environment („in the wild”)

• UI and dashboard capabilities to enable real-time decision making at store 
level
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Rossmann: Queue reduction through alerting 
improved conversion rates of 3-6 points% 

Predictive alerting: 85+% accuracy

• Predicts forming of queues before 
they happen and alerts staff to open 
new tills

• Guides staff scheduling to optimise 
the staff-to-customer ratio

Used data: end-to-end; most robust 
solution on the market

• Entering and existing visitor 
number

• Dwell times of customers by 
demography segments (age and 
gender)

• Checkouts open
• Number of people already queuing

(ALERT)

Reference: Rossmann
Hungary

• Ultinous service in 
operation since 2016 (40+ 
stores)

• ~1-2k visitors, ~10-20EUR 
average spend, 300-1,000 
sqm

• Average scale of queue 
reduction: 70%

• 15M+ customer counted,  
50 000+ alerts sent

• Cloud-based setup;
headset integration
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Selected examples in stores with different customer 
patterns, volumes, locations and store sizes1
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Case study: Kappahl fashion stores2

Success criteriaKappahl profile

Kappahl is a Swedish Nasdaq listed fashion 

retail company with a strong position in Nordics.

Revenue is ~470 M EUR.

Kappahl has a product range that is attractive to 

ladies and children.

~400 stores in Sweden, Norway, Finland and 

Poland, and Online

Kappahl is looking for solutions to improve 

operational efficiency and understand customer 

profiles

Solutions in pilot:

✓ number of in and outgoing customers

✓ average dwell time in shop

✓ demographic profile of customers

Success criteria

✓ reaching 99% accuracy by people counter

✓ build a statistically robust dwell-time model 

based on 30-50% of the visitor numbers 

✓ reaching 95% accuracy rate of gender (+/-5 

year age group)

Infrastructure

✓ 1 IP camera with 2K resolution needs an 

average of 1.5-2 Mbps guaranteed upload 

bandwidth for 1 video streams.

✓ In lack of bandwidth,  Nvidia GPU powered 

on-site server (~1,000 USD hardware cost)

✓ 2 cameras per store on average

In case the POC is considered to be a success, 

roll-out to stores in Sweden from Jun-Aug
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Back-up: Footfall counting2



C
o
p
y
ri
g

h
t 

U
lt
in

o
u
s
 P

lc
. 
A

ll 
ri
g

h
ts

 r
e
s
e
rv

e
d
. 

C
o
n
fi
d

e
n
ti
a

l

Back-up: Demography breakdown2
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Back-up: Dwell time2



Access control 

Access control

Managing the automatic enter and exit 
process of authorised personnel, alert on 
known offenders or unknown people. 
The system can be used alone or 
together with an RFID based solution.

3
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Partners 


